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Policy Brief 
 
Introduction  

Most developed countries experience large and 
persistent economic inequality across different 
geographical areas. For instance, there is a large 
disparity in the UK between the capital and 
northern regions, between the US states on the 
East and West coasts and the central part of the 
country, and in Germany between the Eastern 
and the Western regions. Another well-known 
example is the inequality between the North and 
the South of Italy. Governments target large 
sums through investment and transfers to 
reduce those disparities. For instance, the 
European Union funding for regional and 
cohesion policy in 2014-2020 amounts to €351.8 
billion. The US also spends nearly $50 billion per 
year on local development policies. Despite 
intense policy attention, those regional gaps still 
persist. 

The large disparity in economic 
opportunities, either in income or in 
employment rates, would imply substantial 
migration from poorer areas to richer ones, that 
could potentially reduce inequality. One 
question is whether migration follows such a 
pattern, or whether other factors such as 

                                                           
1The place of residence may not be up to date in the 
administrative records 

amenities or mobility costs are important 
determinants of whether mobility takes place 
and where. 

This note and the accompanying paper study 
the determinants of mobility across regions in 
Italy by exploiting administrative panel data on 
wages, unemployment and choice of location. 
The analysis builds on a tractable model of 
utility maximisation over the life-cycle that also 
takes into account differences in the quality of 
life as well as mobility costs. The results show 
that individuals chose their location to 
maximise real rather than nominal life-time 
income, but that considerations about quality of 
life are key and that there are large costs to 
mobility. 

 

Regional Migration in Italy 
 
Regional mobility is an old phenomenon, with 
successive waves of migrants in the 1950s and 
1960s, moving from the South to the North and 
from rural to urban areas. The process slowed in 
the 1970s. We depict in Figure 1 the migration 
rate as derived from the INPS dataset using the 
place of work rather than the place of residence1. 
We refer the reader to Box 1 for a short 
description of the data used in the analysis. 
Migration has been increasing over the period, 
especially around the early 2000s. Figure 2 
depicts the percentage of people leaving a given 
region over that period, and the arrows show the 
most frequent destination. The percentage of 
individuals leaving a region from one year to the 
next ranges from 2 to 5 percent of the observed 
spells. The regions with the lowest rate of out 
migration are the larger northern regions or the 
islands. At the other extreme are small regions 
and regions in the South. Conditional on leaving, 
the most popular destinations are the northern 
regions of Lombardia and Piemonte, or the 
region of the capital, Lazio. Some of the mobility 
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is also to neighbouring regions, such as from 
Molise to Abruzzo. Mobility is therefore a mix of 
long distance migration, mainly from the South 
to the North, as well as shorter movements to 
other regions in the vicinity of the individual. 
Table 1 gives a breakdown of migration 
destinations, by occupational class. Conditional 
on moving, the patterns of migration are 
remarkably similar across occupational groups. 
Most of the migration spells involve moves 
within the North or within the South. Migration 
from the South to the North represents about 
one in five migration spells, and is only slightly 
more frequent than movements from the North 
to the South. 
 
Table 1. Destinations of migration, by occupation 

 Blue 
collar 

White 
collar 

North to North 42.0% 43.0% 

North to South 21.0% 20.0% 

South to North 23.0% 22.0% 

South to South 14.0% 15.0% 

 
Another dimension of migration is when it takes 
place during the life-cycle. Figure 3 displays the 
probability of migrating for Italian blue collar 
workers and white collar workers as a function 
of their age. The probability of moving to another 
region sharply increases for both blue and white 
collar workers up to age 30 and declines after 
that. Blue collar workers are more likely to 
change region. This hump shape in the age 
profiles of migration may be due to larger costs 
of migrating once a family is established, or 
perhaps because the gains to mobility decrease 
after age 30. 

 
 
 
 
 
 
 
 

Figure 1: Regional migration rate 

 
 
Figure 2: Probability of migration and main 
destination 

 
 
Figure 3: Probability of moving from one year to 
next, by age and occupation 
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Life-cycle Gains from Moving 
 
Migration from one region to another represents 
an important life event and involves substantial 
financial and psychological costs. Such a move 
does not occur because current wages are higher 
in another area, but is made with a longer 
horizon in mind. Presumably individuals 
compare the whole paths of wages they will 
receive in the future in different locations before 
making such a choice.   

To understand the role of wages in migration, we 
compute the life-cycle gains from moving. In 
each location, we evaluate the wage paths for a 
given individual. Those wage paths depend inter 
alia on age, sex and occupational group. We 
distinguish between blue and white collar 
workers, as the return to mobility could be very 
different across those groups. Monthly wages 
may be an important determinant in mobility, 
but regions also differ in their unemployment 
rate. We take into account the risk of 
unemployment to calculate expected earnings, 
using region, age and occupation specific 
unemployment rates. Typically, unemployment 
is high at young ages, especially in poorer 
regions, but unemployment rates tend to 
converge to some extent as individuals age.  

We then cumulate the expected earnings over 
their working life and compare the gains (or 
losses) from mobility across different regions of 
origin and destination. We refer the reader to 
Box 2 for a precise description. We start by 
looking at nominal wages, as they are often used 
in the literature and policy debates. We turn to 
real wages later on. Figure 4 presents the first 
results. For instance, Figure 4a analyses blue 
collar workers living in Lombardia who are 
considering moving to four different regions: 
Calabria, Lazio, Toscana and Veneto. Moving 
would represent a loss in all cases and at all ages, 
varying from a loss of close to zero when 
moving at age 16 to Veneto, to a loss in excess of 
€80,000 when moving to Calabria in one’s 

twenties. Blue collar workers in Lazio and 
especially young ones, would benefit from a 
move to Lombardia and Veneto, but not to 
Campania and Calabria. The latter is due to 
lower wages and a higher unemployment rate. 
Finally, similar workers from Calabria would 
gain from a move to Lombardia, but also to other 
regions such as Sicily or Campania.  

White collar workers have similar rankings to 
blue collar workers in terms of the destination 
that would maximise nominal income, but with 
higher losses or gains. Moving from Lombardia 
to Calabria implies a loss of up to €175,000 over 
the life-cycle. In Lazio, white collar individuals 
would not benefit from a move to Veneto, except 
in their early twenties.  

Workers will of course compare nominal wages 
across a region when considering moving. 
However, they may also take into account the 
differences in the cost of living. There is a wide 
dispersion of living costs across the country, 
with higher prices in the North, especially in 
Lombardia.  We use data coming from Boeri, 
Ichino, Moretti and Posh (2018) to account for 
geographical price differences. We therefore 
calculate real life-cycle gains or losses of 
mobility, which take into account geographical 
differences in nominal wages, unemployment 
rates and prices. We compute those gains or 
losses for any age at migration and distinguish 
between blue and white collar workers. Using 
real wages considerably changes the gains to 
mobility, as some regions with lower wages and 
higher unemployment also have low prices. One 
example is for blue collar workers in Lombardia 
who would gain from moving to Veneto, a region 
with similar wages to Lombardia, but with lower 
prices. Workers above the age of 35 would gain 
from a move to Calabria. The lower wages in that 
region are more than compensated by lower 
prices. The unemployment rate is much higher 
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in that region compared to Lombardia, but by age 
35, the difference is considerably reduced. 

Blue collar workers in Lazio would gain from a 
move to Veneto, Lombardia and Calabria, 
whereas workers from Calabria would not gain 
from moving to any of the four regions displayed 
in the graph: Lombardia, Campania, Toscana 
and Sicily. They would however gain from 
moving to the Northern region of Friuli-Venezia 
Giulia (not displayed in the graph). The use of 
real wages changes the gains for white collar 
workers in Lazio, with a move to Calabria 
representing a small gain, although a move to 
Veneto or Lombardia would generate a gain at 
least twice as large. 
 
Figure 5 shows the incentives individuals face 
when considering moving regions. Those 
incentives vary with the location and the 
occupational class, as well as with 
demographics such as the age of the individual 
and sex (the figure averages the gains for men 
and women). 
 

Wages, Life Quality and 
Migration Costs 
The gains to mobility presented above suggest 
that there are incentives to mobility across 
regions at specific ages and which differ by 
occupation. They appear to line up with the 
destinations plotted in Figure 2. We next test 
whether individuals do consider differences in 
real life-cycle wages when deciding about a 
location. However, individuals presumably also 
take into account other aspects of a location 
when moving. We therefore also include an 
index of the quality of life, specific to each 
region. This leads us to a model that specifies the 
utility of each region as a function of its nominal 
wage structure, its unemployment rate and its 
cost of living, as well as the quality of life. The 
model also explicitly takes into account the cost 
of moving as a function of distance. The model 
and results are presented in Box 2. 

We estimate the model separately for blue and 
white collar workers. We use information for 
about 1,400,000 individuals followed over time, 

for each occupational group leading to a total of 
30 million yearly observations of location 
choices. 

For both occupational groups, we find evidence 
that mobility leads to income maximisation. The 
effect is much stronger for blue collar workers. 
Income differentials are not the only reason for 
moving, as we also find statistically significant 
effects for the quality of life. This effect 
dominates the income effect for white collar 
workers. Finally, we find a statistically 
significant and negative effect of distance, 
indicating a cost of moving, which is slightly 
higher for white collar individuals, implying that 
blue collar workers are more mobile than white 
collar workers.  

For a blue collar worker, a two standard 
deviation increase in life time income is similar 
to a one standard deviation increase in the 
quality of life index. For a white collar individual, 
the difference is much larger with a ratio of 7 to 
1. Hence, quality of life is a major determinant of 
mobility, over and above real income 
differences. The variations in income across 
regions are also offset by a substantial cost of 
migration. Moving up two standard deviations 
both in terms of income and quality of life would 
correspond to a distance of about 400 kilometers 
in terms of utility for a blue collar worker. Note 
that the observed average distance when 
moving is about 300 kilometers. A white collar 
worker would be indifferent between the current 
region and a region two standard deviations 
above in terms of income and quality of life but 
300 kilometers away. 

Interestingly, if we use nominal wages instead 
of real ones, we find that the location choices of 
individuals does not lead to income 
maximisation. Hence, taking into account the 
cost of living is central to understand the 
patterns of internal migration in Italy. This has 
been pointed out for other countries such as the 
US in Moretti (2011) and Moretti (2013). 
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When life-time income increases in one region, 
how does that affect the migration to that region, 
and from where are these migrants drawn? We 
evaluate the marginal effect of an increase in log 
life time earnings in a given region on the 
probability of moving from other regions. These 
elasticities depend not only on the relative 
income levels in different regions, but also on 
distance and quality of life in all regions. We 
display the results graphically in Figure 6 for a 
subset of regions and for blue and white collar 
workers.  

The north west panel of Figure 6 shows the 
effect of a percentage increase in the log income 
in the southern regions of Calabria, Basilicata 
and Puglia. This leads to an increase of about 

0.12 in the probability that an individual chooses 
to locate in those regions. It also decreases the 
likelihood that individuals chose other regions, 
mostly in Lombardia, Veneto and Emilia 
Romagna. A similar increase in Lombardia has a 
much stronger effect as it draws individuals 
from neighbouring regions such as Veneto or 
Emilia-Romagna, but also from the more distant 
from Southern regions.  

For white collar workers (the lower part of 
Figure 6), the elasticities of life time income are 
of a much smaller magnitude, varying from 0.01 
to 0.05 in the south and in Lombardia. As for 
blue collar workers, an increase in life time 
income in Lombardia draws workers from all 
regions in Italy, both south and north. An 
increase in other regions displaces mainly 
workers from Lombardia.
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Figure 4: Gains from moving, using nominal wages

 
a) Blue collars, from Lombardia b) White collars, from Lombardia 

 
c) Blue collars, from Lazio d) White collars, from Lazio 

 
e) Blue collars, from Calabria f) White collars, from Calabria 
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Figure 5: Gains from moving, using real wages 

 
a) Blue collars, from Lombardia b) White collars, from Lombardia 

  
c) Blue collars, from Lazio  d) White collars, from Lazio 

  
e) Blue collars, from Calabria f) White collars, from Calabria 
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Conclusion and Policy 
Implications 
 
This paper studies the determinants of regional 
mobility in the Italian context. Mobility across 
regions has been increasing over time in the last 
few decades. It consists of a mix of long distance 
moves, mainly from regions in the South to the 
North, as well as local mobility across 
neighbouring regions. However most of the 
mobility is either within the northern or the 
southern parts of Italy, and migration from 
southern regions with low wages to the north 
with high wages is not a prominent feature. 
From a life-cycle perspective, mobility reaches a 
peak around age 30.  

There are sizeable differences in nominal 
monthly wages across regions, both for blue and 
white collar workers, with wages in northern 
regions topping those in the south of the 
country. This is even more true when looking at 
annual wages, factoring in unemployment, 
especially at younger ages. Considering real 
wages considerably changes the picture, as the 
high income regions are also the most 
expensive.  We show that the real income gains 
to mobility are age dependent and usually 
highest at younger ages.  

 

The main findings of the analysis on mobility 
are the following: 

• Despite the focus of policy on nominal 
wage differentials -for instance in 
centralized bargaining of wages- those 
are not a determinant of mobility across 
regions. 

• Instead, real life-cycle income partially 
explains migration patterns, and some 
of the southern regions are attractive as 
low prices more than compensate for 
lower nominal wages and higher 
unemployment rates. 

• Mobility is driven to a large extent by 
considerations about quality of life, 
especially among white collar 
individuals.  

• Costs of mobility are substantial and 
therefore hamper the pursuit of a better 
life and career opportunities. 

• Policy should concentrate less on issues 
of nominal wage inequalities across 
regions but more on the geographical 
inequality in the quality of life. There are 
stark differences across regions and the 
analysis shows that individuals value 
this aspect more than economic 
opportunities.  
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Figure 6: Marginal effect of an increase in life time income 

 
a) Blue collars workers b) Blue collars workers  

  
c) White collars workers d) White collars workers 

 

(2013): “Real Wage Inequality,”  American Economic Journal: Applied Economics, 5(1), 65–103.  

 

  



 
10 

 

Box 1: The Data 
The analysis draws on multiple datasets. The main one is administrative data from the Italian Social Security System 
(Istituto Nazionale della Previdenza Sociale, INPS), that covers the universe of workers in Italy. The data is a 2 percent extract 
of the original sample and covers the years 1985 to 2011. All types of workers who contribute to INPS at least for one month 
are included in the analysis (employees, self-employers, both in the private and public sectors). It contains information on 
2,915,103 individuals followed over time for a total of 37,327,666 person year observations. 
We also use data from the Italian labor force survey over the same time span to compute unemployment rates, by region, 
occupation, gender and age.  
We proxy the quality of life using the index published by Sole 24 Ore. This is a composite index measuring for instance the 
quality of public services, pollution levels, the offer of cultural services, crime levels and social spending per capita. 

 

 

Box 2: A model of location choice 
We define the net present value of income (NPV) of individual i, in occupation 𝑐𝑐𝑖𝑖, in region j and at time t as: 
 

𝑁𝑁𝑁𝑁𝑁𝑁𝑖𝑖𝑖𝑖𝑖𝑖 = � 𝛽𝛽𝜏𝜏−𝑎𝑎𝑎𝑎𝑎𝑎𝑖𝑖𝑖𝑖�𝑤𝑤(𝜏𝜏, 𝑐𝑐𝑖𝑖 , 𝑗𝑗)�1 − 𝑝𝑝𝑈𝑈(𝜏𝜏, 𝑐𝑐, 𝑗𝑗)� + 𝑝𝑝𝑈𝑈(𝜏𝜏, 𝑐𝑐, 𝑗𝑗)𝑏𝑏𝑈𝑈(𝜏𝜏, 𝑐𝑐, 𝑗𝑗)� 
𝑇𝑇

𝜏𝜏=𝑎𝑎𝑎𝑎𝑎𝑎𝑖𝑖𝑖𝑖

, 

 
where 𝛽𝛽 is the discount factor - set at 0.95 annually - w is the full time equivalent wage in the region for individuals of age 
𝜏𝜏, 𝑝𝑝𝑈𝑈 is the unemployment rate and 𝑏𝑏𝑈𝑈 are the unemployment benefits. All of these quantities depend on age, occupation 
and region. We model the utility of an individual i in location j in period t as: 
 

𝑈𝑈𝑖𝑖𝑖𝑖𝑖𝑖 =  𝛿𝛿𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑁𝑖𝑖𝑖𝑖𝑖𝑖 +  𝛿𝛿𝑄𝑄𝑄𝑄𝑄𝑄𝑄𝑄𝑖𝑖 + 𝛿𝛿𝑄𝑄𝐷𝐷𝑖𝑖𝑖𝑖 + 𝑋𝑋𝑖𝑖𝑖𝑖𝛾𝛾𝑖𝑖 +  𝜀𝜀𝑖𝑖𝑖𝑖𝑖𝑖 
 
where 𝑄𝑄𝑄𝑄𝑖𝑖 is the quality of life index of the region, 𝐷𝐷𝑖𝑖𝑖𝑖 is the distance between the current region of the individual to any 
region j and  𝜀𝜀𝑖𝑖𝑖𝑖𝑖𝑖 is a stochastic taste shock. We denote by 𝑋𝑋𝑖𝑖𝑖𝑖 a vector of characteristics which are specific to the individual, 
such as sex, age and the current location. The choice of location in the next period is then determined as: 
 

𝑙𝑙𝑖𝑖𝑖𝑖+1 =  𝑎𝑎𝑎𝑎𝑎𝑎𝑎𝑎𝑎𝑎𝑎𝑎𝑖𝑖 𝑈𝑈𝑖𝑖𝑖𝑖𝑖𝑖 
 

Parameters estimates: migration model 

 Blue collars White collars 

Log life time income (𝛿𝛿𝑁𝑁𝑁𝑁𝑁𝑁) 1.87*** (0.08) 0.47*** (0.10) 

Quality of life (𝛿𝛿𝑄𝑄𝑄𝑄) 1.53*** (0.05) 1.67*** (0.07) 

Distance (100km) (𝛿𝛿𝐷𝐷) -1.05*** (.012) -1.24*** (0.02) 

Number of observations 15,462,909 15,470,829 

Number of annual choices 1,405,719 1,406,439 
Notes: Data source: INPS. The regressions also include alternative specific effects. Standard deviation clustered 
at individual level are displayed in parenthesis. *,**,*** indicates statistical significance at 10, 5 and 1 percent. 
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